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ABSTRACT

Nigeria represents one of the many paradoxes of development in which case the nation is rich but her people are
poor. This study examines the influence of social capital and microcredit on poverty status of rural households in South
western, Nigeria. A multistage sampling was employed for the study. Ekiti and Osun states were randomly selected from
the six states in South-western Nigeria. This was followed by random selection of two Local Government Areas from each
senatorial district of the states. Thirty microcredit groups were randomly selected from each of the selected Local
Government Areas based on probability proportionate to the size of the microcredit group. Lastly, 399 respondents were
randomly selected from the microcredit groups. Data were collected using structured questionnaire. The data were
analyzed using descriptive statistics, Foster-Greer-Thorbecke (FGT) weighted poverty indices and Tobit regression. Mean
age and household size were 41.3+11.4 years and 6.0+2.2, respectively. At a poverty line of N2, 930.90, 52.1% of the
households were poor. Household size and age squared increased poverty by 0.016 and 1.0 X10™ while asset value,
friends/family credit and decision making index reduced poverty by 0.005, 5.99X10” and 0.225, respectively. Social
capital significantly influenced the amount of credit available from different sources. Household size and age squared of
household head increased poverty while credit from friends and relatives, large asset of household and active participation

in decision making process (a component of social capital) reduced poverty.

Keywords: poverty, micro credit, social capital, rural households, Nigeria.

1. INTRODUCTION

Today, as other continents continue to register
sustainable economic growth and development, Africa is
not only lagging behind but is trapped in a vicious circle of
borrowing and donor dependency syndrome which some
critics point out as one of the causes practically sabotaging
real development. Africa has perpetually failed to focus its
development efforts on the optimum utilization of the
immense natural resources that many of its countries are
endowed with to turn it into wealth to propel their
economies and people towards a high level of economic
and social development and as a consequence eliminate
pervasive poverty. Nigeria represents one of the many
paradoxes of development in which case the nation is rich
but her people are poor. Statistics from the National
Bureau of Statistics (2007) indicate that poverty incidence
in Nigeria rose from 28.1 percent in 1980 to 54.4 percent
in 2004.With the estimated population figure of 140
million, this translates to 76.2 million Nigerians below
poverty line. While 63 percent of this figure lives in the
rural (about 48.0 million) and remaining in urban areas.
Southwestern part of Nigeria with estimated population of
15.5 million, 43 percent of the population is poor. This
figure translates to about 6.7 million people.

Two main causes of poverty are the low
productivity of available household resources and the high
income and consumption volatility experienced by poor
households (Maldonado, 2004). First, a low productivity
of resources is associated with limited endowments
(human capital, technology and knowledge, social and
physical capital), not well-defined property rights, and
precarious access to markets (e.g., markets for goods and
services, financial services, labour markets, and land

markets). These constraints make it difficult for poor
households to take fuller advantage of their productive
opportunities. Second, the instability of income and
consumption results from the incidence of shocks and the
lack of mechanisms to anticipate and cope with adverse
occurrences. The inability of households to deal efficiently
with shocks may lead to the loss of productive assets and,
thereby, reduce income-generating opportunities. To deal
with this vulnerability, households may choose strategies
that generate lower but more stable returns in the process
traps into poverty. Financial services are useful
instruments in overcoming constraints faced by
households and in risk management and also influence
household decisions by making it possible to exploit
productive opportunities that would otherwise not be
exploited

Central Bank of Nigeria (1999) reported the
significance of credit and other inputs to rural household’s
output and submitted that the provision and use of these
inputs in the right proportion are crucial to increasing
output and productivity in Nigeria. Availability and proper
usage of credit has also been empirically proved to
enhance productivity level of rural households in Nigeria
(Okoruwa and Oni, 2002). In order to purchase inputs,
rural poor need to be able to obtain production loans. The
rural poor typically have little awareness of where to
obtain credit for their production activities. Even when
they are aware of formal credit sources, high interest rates
and difficult terms for such loans discourage them
(Chemonics International Inc, 2003).

According to Von Pischke and Adam, (1980),
lack of access to credit by poor rural households has
negative consequences for agricultural and non
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agricultural  productivity, income generation and
household welfare (Diagne and Zeller, 2001). When social
capital networks or relations that affect personal
interaction amongst members of a community is included,
it facilitates the Poor’s access to credit and lower its costs,
improve welfare by increasing information flows and
reduction in transaction costs (Bastelaer, 2000). This study
is therefore important for a number of interrelated reasons.
The World Bank estimate on the level of poverty in
Nigeria indicate that 70.2 percent of the country’s
population live below the poverty line and that the scourge
will continue to rise if nothing is done to arrest it (World
Bank 2005a, 2005b). A large proportion of Nigeria poor
population lack access to financial services, this presents a
fundamental challenge for the financial sector
development in the country. Provision of micro credit on
sustainable basis for the poor and low income group is
important in order to achieve the Millennium
Development Goal of halving poverty. This study attempts
to examine the influence of social capital and micro credit
on poverty status of rural households in southwest Nigeria.

2. CONCEPTUAL FRAMEWORK/REVIEW OF
LITERATURE

The effort to alleviate poverty traditionally has
used and was based on natural capital, physical or
produced capital, and human capital (Ismawan, 2000).
Together they constitute the wealth of nations and form
the basis of economic prosperity. Provision of credit for
the poor can complement existing reform packages to pro-
poor growth (Dercon and Krishnan, 2001). Khalid et al.,
(2005) examined the incidence and determinants of food
poverty in Pakistan. In Nigeria, Omonona (2001) studied
poverty and its correlates among the rural households in
Kogi state. Also, Omonona et al., (2008) examined the
determinants of poverty among the rural households in
Akinyele Local government Area. The results from these

studies have shown that rural areas, poverty is
comparatively higher than urban. Moreover, large
household size, lack of human assets such as education
and skills, lack of other assets such as land and financial
assets and lack of credit were found to be the main causes
of poverty. The results also suggest that poverty reduction
efforts should be geared towards expanding the assets of
poor people so that their position and control over their
lives can be strengthened. The relationship between social
capital, microcredit and poverty reduction is presented
using livelihood approach. The livelihood approach
recognizes five ‘capitals’ that capture the assets that
households utilize to generate consumption and
accumulate (or liquidate) for future use. These are natural
capital, physical capital, human capital, financial capital
and social capital. For the purpose of this study, we
consider financial, human and social capital (DFID, 1999;
Ellis, 2000). In Figure-1, individuals and households are
seen to be poor with limited resources especially financial
capital. However, with the intervention of microfinance
programmes, the poor are provided small loans
accompanied with training in business skills to expand
their existing business. These small loans tend to
supplement existing resources of individuals or
households to engage in various business activities
including micro and small-scale production, trading
activities of all kinds and provision of services such as
hair-dressing, sewing and telecommunications. Income
generated from these activities are allocated for
consumption purposes, investment in key assets such as
household durables, savings deposits, payment of
insurance premium against future risks and vulnerability
as well as education of children and payment for health
services to keep the household members healthy. A
portion of the income generated is also used to repay any
loan borrowed from the MFI together with interest.
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Figure-1. Adapted from DFID (1999) and Ellis (2000).

3. METHODOLOGY and Osun were carved out of Ondo and Oyo states on 1*
October 1996 and 27™ of August, 1991, respectively. Ekiti
3.1 Area of study State has 16 Local Government Areas (LGAs), while Osun

This study was carried out in Ekiti and Osun has 30 LGAs. Ekiti and Osun states have population of
states, south west part of Nigeria. The states were about 2,384,212 and 3,423,536 and cover areas of
randomly chosen in south western geopolitical zone. Ekiti 5,433.00 and 8,882.55sq km, respectively (NPC.2006).
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Agriculture is a dominant economic activity and main
source of employment in the states providing employment
and income for more than 75.0 per cent of the population.
The people are predominantly farmers, while women
engage in food processing, trading in addition, to farming.
The states have distinct wet and dry seasons, which
characterize its humid tropical climate, with the dry season
extending from November to March. Annual rainfall
varies from about 500 mm in the northern belt to 1,100
mm in the forest belt.

3.2 Data and sampling procedure

A multistage sampling technique was employed
for this study. Ekiti and Osun states were randomly
selected among the states in the zone. In each state, two
Local Government Areas (LGA) s were randomly selected
from each of the senatorial areas of the states. This was
necessary for equal representation of the households of the
microcredit groups. At the next stage, there was a random
selection of microcredit groups in each of the selected
local government areas depending on the number in each
LGA. Hence, the number of microcredit groups chosen is

a function of the number of microcredit groups available
in a particular local government area (probability
proportionate to size). The proportionality factor used in
the selection of microcredit groups is stated as:

Xi=n/N*30

Where Xi = number of microcredit groups to be sampled
from a local government

n = number of microcredit groups in the particular local
government area

N = total number of microcredit in all the local
government areas

The desired total number of microcredit groups is 30.

The last stage of sampling involved the random
selection of households in each of selected microcredit
groups. In all, a total of four hundred and sixty-five (465)
households were interviewed. Out of the total of four
hundred and sixty-five questionnaire distributed, only
three hundred and ninety nine have meaningful
information for analysis. The Table-1 shows the sampling
procedure.

Table-1. Sampling procedure for the selection of microcredit households.

. No. of
Population No. of . .
. No. of guestionnaire
Senatorial of sampled . . '
State S LGA . . . . guestionnaire | retrieved and
district microcredit | microcredit o
distributed completely
group group filled
Ekiti | Ekiti South Ikere 25 2 30 30
Ekiti East 19 2 30 30
Ekiti Ado Exiti 50 5 75 55
Central
Ekiti West 22 2 30 30
Ekiti North Ikole 26 2 30 30
Moba 39 3 45 41
Osun | Osun Ifelodun 40 4 60 39
Central
Boripe 25 2 30 29
Osun East Ife Central 30 3 45 30
Atakunmosa 24 ) 30 28
East
Osun West Isokan 22 2 30 27
Ayedaade 26 2 30 29
Total 348 30 465 399

Source: Field Survey 2009

4. RESULTS AND DISCUSSIONS

Table-2 shows that average age of respondents in
the study areas was 41.3 years. This indicates that a higher
proportion of sampled household heads in the South West

Nigeria area are in their active and productive years. The
average household size in study area is about 6.0 persons
per household with dependency ratio is 1.91.
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Variable Bank ;:l:?oop Gov:é’:rr]rg;ntal Irhgﬁz; Friends/family housAeIr:ol ds
enders

Age (years) | freq % freq % freq % freq % freq % freq %

< than 30 10 | 16.6 | 40 | 20.5 1 7.7 3 18.8 14 11.1 70 17.5

30-40 29 | 46.8 | 75 | 385 3 23.1 5 31.2 40 38.9 159 39.8

41-50 13 | 21.0 | 46 | 23.6 5 38.5 3 18.8 21 27.8 93 233

> than 50 10 | 16.1 | 34 | 174 4 30.8 5 31.2 20 22.2 77 19.3

Total 62 | 100.0 | 195 | 100.0 | 13 100.0 16 100.0 95 100.0 399 100.0

Mean 40.1 41.0 43.7 44.8 42.6 41.3

SD 10.0 11.3 8.3 15.1 12.5 114

Minimum 25.0 23.0 25.0 26.0 25.0 23.0

Maximum 85.0 70.0 54.0 69.0 80.0 80.0

Household

size

1-3 5 8.1 52 | 26.7 23.1 2 12.5 9 11.1 73 18.3

4-8 53 | 85.5 | 130 | 66.7 9 69.2 13 81.3 73 83.3 293 73.4

> than 8 4 6.5 13 6.6 1 7.7 1 6.2 13 5.6 33 8.3

Total 62 | 100.0 | 195 | 100.0 | 13 100.0 16 100.0 95 100.0 399 100.0

Mean 5.6 5.1 5.1 6.1 6.0 5.5

SD 1.9 2.0 2.3 3.6 22 2.2

Minimum 3.0 2.0 3.0 3.0 2.0 2.0

Maximum 11.0 11.0 18.0 18.0 13.0 18.0

Dependency

ratio

0 4 6.5 25 12.8 2 15.4 0 2 5.6 34 8.5

0.01-0.09 18 | 29.0 | 63 | 323 7 53.8 12.5 27.8 100 25.1

1.0 8 129 | 26 | 133 1 7.7 2 12.5 7 16.7 47 11.8

>1.0 32 | 51.6 | 81 | 41.5 3 23.1 12 75.0 81 50.0 218 54.6

Total 62 | 100.0 | 195 | 100.0 | 13 100.0 16 100.0 95 100.0 399 100.0

Mean 1.79 1.37 0.85 2.7 3.1 1.9

SD 1.79 1.22 0.75 1.8 1.9 1.8

Minimum 0 0 0 0.5 0 0

Maximum 9.0 10 3.0 8.0 11.0 11.0

Source: Field survey 2009

Figurel shows the activities of households in
local level institutions, with an average of 2.0
associational memberships per households. The density of
membership Index (DM) has 52.0, 50.9, 40.4, 56.2 and
43.4% in bank (BNK), NGO/Cooperatives (NGC),
Governmental Agency (GAA), Local Money Lenders
(LML) and Friends/Family (FRF), respectively.
Surprisingly, the density of association is slightly higher
among households that used LML credit to fund their

enterprises while households with GAA as their source of
credit recorded the least. In terms of meeting attendance
and because of importance attached to regular meeting,
households that sourced their credit from GAA are more
frequent at meetings than others. Meeting attendance
index (MAI) in BNK, NGC, GAA, LML and FRF ranges
from BNK (35%) to the highest GAA (50.8%). However,
meeting attendance of household in the study area is
approximately two out of four meetings. Associations are
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heterogeneous with an average of 66.8 percent. The
greatest diversity is found among the households that
sourced their credit from bank and the friends and family.
Decision making index (DMI) is moderate in all the credit
sources with members participate in three out of five of
decisions. Cash contribution index (CCI) values are

100
90

80 -

generally low among the different credit sources. Monthly
cash contribution into different associations to which
households are members is N844.48. However, labour
contribution index (LCI) was 66.3% with members
contribute 2.65 man days per month towards group
activities.

70

&0
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Figure-1. Social capital dimensions by credit sources.

= Poverty line estimation

The Foster, Greer and Thorbecke (1984) were
employed in this study to estimate the poverty line. This is
because of its simplicity and ease of computation and also
its decomposability among subgroup. The FGT measure
for the ith sub group is as follows:

1 &[z-v "
P A e 2
“ ni;|: Z} @
1 &[z-vil”
Po= — Y | ——— | e 3
0 n]Z[ z } (3)

Where Z = Poverty line

Yi = Per capita expenditure of the household i (i=1, 2, ...q)
q = Number of household below the poverty line

n = Total number of sampled households

o, = Poverty aversion parameters of the FGT index (P ¢ ;),
a 20 and it can take three values of 0, 1, and 2
Implication of the values of & as follows;

P ; = qi/ni when & =0 (Head Count Ratio or incidence
of poverty) the proportion of respondents’ households that
is poor

Pa; = a; =1 depth of poverty (the proportion of the
expenditure shortfall from poverty line)

Pa ;= a =2 Severity of poverty (the amount of transfer
of expenditure requires from a poor to a poorer for his
poverty to decrease).

Kakwani (1993) has demonstrated that the entire
class of additively separable measures is additively
decomposable. Poverty decomposition is derived based on
the assumption that the poverty measures are additively
decomposable.

= Tobit regression analysis

Tobit regression analysis was carried out to
determine the factors affecting rural household poverty.
The model that was developed by Tobin (1958) is
expressed below following McDonald and Moffit (1980),
and as adopted by Omonona, (2001), Adejobi (2004) and
Omonona et al., (2006).

Q= Pi= B'Xi € oo, )
If P,>Pi*

q= 0= B'X; +¢

If P, <Pi*

i=1,2,3............. n

Where

qi = Dependent variable. P;* is the depth of household
poverty defined as (Z-Y;)/Z and, Z = poverty line (Per
Capita household expenditure)
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Y, = per capita households expenditure in Naira (N)

(P* = 0) X; = vector of explanatory variables/independent
variables

B' is a vector of parameters and ¢; is error term

The Explanatory Variables include:
Household characteristics

X = Age of household head (Years)

X, = Age squared of household head (Year)?

X3 = Gender of household head (D=1 for
male, otherwise D=0)

X4 = Educational status of household head (years)

X5 = Dependency ratio (This is defined as the
ratio of non-workers to workers in each
household)

X6 = Household size

X5 = Marital status (D=1 if Married, 0=Otherwise)

X = Primary occupation (D=1 if Farming, 0=
otherwise)

X = Household asset endowment (total assets

value of household) (Naira)

Credit variable

D, = Bank (Yes=1, 0 = Otherwise)

D, = NGO/coop (Yes=1, 0 = Otherwise)

D; = Governmental agency (Yes=1, 0 = otherwise)

D, = Local money lenders (Yes=1, 0 = Otherwise)

Ds = Friends and family (Yes=1, 0 = otherwise)

Social capital variable

S; = Meeting attendance of households to
associations (%)

S, = Decision making index (%)

S; = Membership density of households in
association (%)

S4 = Cash contribution index of households
to associations (%)

Ss = Labour contribution index of households
to associations (%)

Se = Heterogeneity index of associations (%)

Social capital dimensions description

Social capital dimension measurement was
carried out to examine the effects of social capital on
access to micro credit among rural households. The
effectiveness with which social capital, in the form of
local associations, can fulfill its role in disseminating
information, reducing opportunistic behaviour, and
facilitating collective decision making depends on many
aspects of the association, reflecting its structure, its
membership and its functioning. For this study we focus
on six of the indices adopted by Grootaert, (1999),
Okunmadewa et al., (2005), Okunmadewa et al., (2007)
and Yusuf, (2008).

The social capital (SC) variables that were used
include: density of membership, heterogeneity index,
labour contribution, cash contribution, meeting attendance

index and decision making index. The measurement of
each is as described below.

a) Density of membership. This is measured by the
number of active household membership in existing
associations. A complete inventory of all associations
was made at local level institutions; each household
was then given that inventory and asked which
associations they are members. In other words, the
proportion of membership of associations by
individuals is found and rescaled to 100.

b) Heterogeneity index. The questionnaire identifies the
three most important associations for each household.
For those associations, a number of supplementary
questions were asked including about the internal
homogeneity of the group. This was rated according to
twelve criteria: neighborhood, kin group, same
occupation, same economic status, same religion,
same political, gender, same age, same level of
education, cultural practices, belief and trust. Hence,
for each of the factors a yes response was coded 2
while no was coded 1 (Lawal et al 2009). A maximum
score of 24 for each association represents the highest
level of heterogeneity. The score of the three
associations were averaged for each household by
dividing by maximum score 72 to obtain the index.
The resulting index was then multiplied 100 (whereby
a zero value represents complete homogeneity and
100 correspond to the highest heterogeneity).

¢) Decision making index. It has been argued that
associations, which follow a democratic pattern of
decision-making, are more effective than others. The
questionnaire asked association members to evaluate
subjectively whether they were “very active” “active”
or “not very active” “passive” “very passive” or not
participating in the group’s decision making. This
response was scaled from 4 to 0, respectively and
averaged across the three most important groups in
each household. The summation was calculated from
subjective responses from the households’ members
on their rating in participation in decision making in
three important associations to them. The responses
were averaged across the three associations and
multiplied by 100 for each household.

d) Cash contribution index: This was achieved by taking
records of payment of membership dues and other
contributions. The summation of the total cash
contributed to the various associations, which the
household belong was calculated. The actual
contribution for each household was rescaled by
dividing the amount by the maximum fee in the data
and multiplying the resultant fraction by 100.

e) Labour Contribution index: This is the number of days
that individual members belonging to institution
claimed to have worked for their institutions. This
represents total numbers of man- hour’s days worked
by household members. This is also rescaled to 100
using the same method of cash contribution.
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f) Meeting attendance index: This index was measured
by finding the number of times members of
association actually met as a group over a period of
time This is obtained by summing up of attendance of
the household members at meeting and relating it to
the number of scheduled meetings of the associations.
The value is multiplied by 100.

The explanatory variables (X;), which
significantly determine rural household poverty in micro
credit groups, was determined quantitatively in order to
achieve objective four following the Tobit decomposition
framework suggested by McDonald and Moffit (1980) as
adopted by Omonona, (2001), Adejobi (2004), Amaza et
al., (2007), Tobit model can further be disaggregated to
determine the effect of a change in the i™ variable on
changes in the probability of household being in poverty.
It can be shown that:

E(VD=F @) E Vi) e, (5)

Where E (V;*) is expected value of V; for those
households that are already poor, and F is the cumulative
normal distribution function at Z. Where Z is X/A.

For a change in any aspects of rural household
(explanatory variables X;), the effect on poverty levels of

rural households can be decomposed into two by
differentiating equation (5) with respect to the specific
rural household characteristics.

AE (V))/AXi = F (Z) {AE (Vi*)/AX;)} + {AF (Z)/AX;}
..................................... (6)

Multiplying by X/E (V)), the relationship in equation (6)
above can be converted into elasticity forms.

AE(V;)/AX;. X/E(V;) = F(Z) {AE(V*)/AX;} X/E(V;) +
E(V) *E(Vi#){AF(Z)AX;} oo (7)

Rearranging equation (7), using equation (5), we have

{AE(V)AX;} . X/E(V;) = {AE(Vi*)/AX;} X/E(Vi*) +
{AF(Z)AX)XSFZ). oo, (8)

Therefore, the total elasticity of a change in the
level of any variable of the rural household’s poverty
variables (X;) consists of two effects:

a) The change in the elasticity of the probability of being
poor for the rural households and

b) The change in the elasticity of the poverty intensity
for the poor.

Table-3. A priori expectations for the explanatory variables in poverty status models.

Variables EXPECtEd Literatures
signs

Age X, +/- (Omonona, 2001, Omonona et al., 2008)

Age squared X, +/- (Omonona, 2001)
(World bank, 1996; Omonona, 2001, Omonona

Gender X, - | etal., 2008)

Education level X, - (World bank, 1996; Omonona, 2001, Omonona
et al., 2008)

. (World bank, 1996; Omonona, 2001, Omonona

Dependency Ratio X5 +/- et al., 2008)

Household size X, n (World bank, 1996; Omonona, 2001, Omonona
et al., 2008)

Marital status X, - (World bank, 1996; Omonona, 2001, Omonona
et al., 2008)

Primary occupation Xg + (Omonona, 2001, Omonona et al., 2008)

HHasset X, - (Omonona, 2001)

Bank D, +/-

NGO/coop D, +/-

Govt. Agency Ds +/-

Local Lender D, +/-

Friends/familysDs +/-

Meeting attendance index S; + (Yusuf,2008, Okunmadewa et al., 2007)

Decision making index S, + (Okunmadewa et al., 2007) Tabi Atemnkeng,
2009)

Density of membership S; Tabi Atemnkeng, 2009)

Cash contribution index Sy + (Okunmadewa et al., 2007)
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Labour contribution index Ss -

(Okunmadewa et al., 2007)

Heterogeneity Index S ¢ +/-

(Okunmadewa et al., 2007)

Household’s poverty analysis

Table-4 shows the summary statistics on the
poverty status of households indicated that the mean
monthly expenditure of households in the study area is N4,
396.35 per adult equivalent and poverty line is N2, 930.90.
Based on the poverty line of N2, 930.90, fifty-two percent
of the households is considered poor. When compared
with the poverty line obtained by World Bank (1996), it
was to be comparable. A poverty line N395 per capita per
annum at 1985 constant price was obtained. This translates
to N29, 413.28 per annum or N2, 451.10 per month per
capita expenditure in the year 2006 based on the raising
factor of 74.464 obtained by dividing year 2006’s
Composite Price Index (CPI) by that of 1985.

Table-4. Monthly household expenditure profile.

All % of total
households expenditure

Item Naira(N)

Food 10832.08 54.0
Clothing 1257.23 6.3
Medicare 1051.37 52
Education 1392.96 6.9
Fuel/lighting 1042.43 5.2
Transport 1428.78 7.1
Remittances 1008.29 5.0
Rent 1311.96 6.6
Toiletries 598.32 2.9
Others 120.00 0.6
21;1?1 diture 20043.42 100.0
expenditre 439635

Poverty line 2930.90

Determinants of poverty status among the households

The result of marginal effect of the changes in
independent variables on the probability of being poor is
presented in Table-5. Out of the 20 explanatory variables
included in the model, only five of them have significant
coefficients. These are: age squared X,, household size
(X), friends and relatives (Dg), total asset value(Xy) and
decision index (Xis). A positive sign on a parameter
indicates that the higher values of the variable the higher
the likelihood of poverty. Similarly, a negative value of
the coefficient implies the higher value of the variables
would decrease the probability of households’ poverty.
Analysis of the survey data reveals the following: The
positive coefficient of age squared indicates that as
household head life cycle increases, poverty increases.
However, household size has a positive coefficient of
0.0159. This implies that a unit increase in household size
of the households increases poverty by 1.6 percent.
Furthermore, the result shows that households who
participate more in decision making has a negative
coefficient indicating that the likelihood of being poor
decreases by 22.5 percent. This finding also agrees with
Okunmadewa et al., (2007). Household’s total asset value
has a negative coefficient of 0.00000059 implying that a
unit increase in asset value of household will reduce
poverty by 0.00009 percent. Furthermore, households
accessing credit from friends and family will reduce
poverty by 23.1 percent.

Elasticity coefficients were computed for the
significant variables in the model. The result indicated that
they are all inelastic. A 10 percent change in age squared
of household head leads to less than 7.5 percent change in
poverty status. Also, 10 percent change in household size
leads to 2.6 percent change in poverty. However,
household size and age squared of household head
increase poverty while credit from friends and relatives,
large asset of household and active participation in
decision making process reduce poverty. These findings
are in agreement with Omonona (2001), Khalid et al.,
(2005) and Okunmadewa et al., (2007).
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Table-6. Tobit parameters of probability and effects of marginal changes in the explanatory
variables on poverty status.

Variable Coefficient Standard T -value elasticity at
error mean
Age X, -0.0124 0.0083 -1.49 -1.394
AgesquaredX, 0.0001 0.0001 1.70* 0.748
Gender X; 0.0178 0.0324 0.55 0.027
Education X, 0.0019 0.0025 0.76 0.029
Dependency ratio X -0.0069 0.0092 -0.75 -0.044
HHSize X6 0.0159 0.0084 1.88%* 0.264
Marital status X, -0.0389 0.0344 -1.13 -0.071
Primary occupationXg 0.0266 0.0332 0.80 0.052
AssetvalueXy -0.0045 0.0000 -2 71%** -0.112
Bank D, 0.0139 0.0785 0.06 0.002
NGO/coop D, 0.04044 0.0727 0.19 0.015
Lenders D, -0.0929 0.0960 0.42 0.005
Savings Ds -0.230547 0.0777 -1.20 -0.066
FriendsfamilyDg -5.99¢-07 0.0916 -2.52% -0.041
Decisi S, -0.2252 0.1034 -2.18%** 0.357
Densit S, 8.84e-06 0.0006 0.01 0.001
Cashin S; -0.0014 0.0010 -1.45 -0.052
Labrin Sy 0.0004 0.0004 1.03 0.082
Meetin Ss -0.1609 0.1135 -1.42 -0.187
Heterg S -0.0006 0.0008 -0.79 -0.096
Constant 0.5572 0.2423 2.30*
Sigma 0.1962
Log likelihood 42.230

Policy implications and recommendations

Based on the findings of this study and
conclusions drawn, a number of policy implications and
recommendations are made toward ensuring rural
households poverty alleviation in South-western States,
Nigeria. The most substantive are:

= Social capital significantly influenced the amount of
credit available from different sources and poverty
status of households. Our analysis suggest that policy
makers interested in improving the living conditions of
households may be advised to consider promoting social
capital through group as one relevant ingredient to
achieve the Millennium development goals of reducing
poverty by half.

= As a result of large household size (6.0), poverty among
the households was high. Policy measures directed
towards the provision of better family planning or birth
control to reduce household size should be given
adequate attention and priority by the government.

= The study identified that credit from friends and family
last option for households passing through major
adverse condition or poverty situation in the area.
Hence, the poverty alleviation efforts of government
should be channeled through informal financial sector.
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